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Done

• Gave a lesson to Singapore students.

• Finished code assignment 2,3, and 5 of applied maths in CS.

• Discussed with Prof. Wu. He proposed two themes for my future work on game data: game data

mining & anomaly pattern detection in MMORPGs. I read several papers regarding these topics.

To be honest, I spent much time on the abovementioned code assignments. Thus, I made brief

reflections below, and I will make more delicate surveys on these topics in the next week(s).

To do

• More focus on the game data related papers.

• Finished course assignments (translation and code 4) before June 1st.

• Learn more about javascript

About the two themes

The data mining here in game data mainly refers to predictive analysis. Many indicators ('X^r

6�,G¤Ç��I) can be predicted via classification or similar techniques. The indicators can be found

on game analysis websites, and ãðhad a brief summary on these long long ago. I will list the common

indicators that have been studied next week.

Anomaly detection, in the context of online games, falls into the topic of bots detection and related

scenarios. I haven’t found out papers related to money laundry or other money-related topics ('X`M

�ä<5ña, ¥ø<5ña, ù��U´Ø��{½öØéiZE¤���³�
ØáuiZ�6; �

,ù
�k�Ukbots¢yÏ
8\c¡��¯K¥). In fact, the techniques used in anomaly detection

are data mining techniques as well, but usually in a different form compared with standard forms.

A professor (�°�) from�ø¥
ïÄ�has made many researches on game data “http://www.iis.sinica.edu.tw/

swc/research/games.html”. Both two themes are included in his publications. I read several works of his.

“On Prophesying Online Gamer Departure” uses SVM to classify players and for potential6�^rýÿ.

Two bots detection papers use different methods. The first one uses trajectory analysis combined with

manifold learning (@oùp¢½;,êâ��
�{Ù¢��±^), and the second one analysis the

behavior type and frequency to detect. ùü«�{wå5ÑØ�, �é·�5`�´k¯K�. Äk, ·

¯
�´�cÚ·�Ü��<, L«¿vk;,êâ; Ùgéu1�«, 1�´ÚiZþe©�~;��'
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�, XJ¿ãæ�aq�{�{I�éiZ?�ÚNï. l·�*�Ý5w, ù
�{�Ø�E,, �ww

��ö�Çµ�, aú�Ø�(ùÚêâþAT�k'X); d	ù
©Ùõ´�@±c�, ·I�3�¡é

�
�m�C�©Ù5wwy3��
©Û��.

Regarding visualization, there is not much work that are quite close to anomaly detection in game

data (3·�c@�e). The related work of the paper ”TargetVue: Visual Analysis of Anomalous User

Behaviors in Online Communication Systems” shows that much work of visualizing anomaly patterns are

focused on social networks (Ø
������¯��u	, �kY�½öudÅsocial bot�a). And

for the limited information on players’ communication of our data, I think we may not focused on the

method related to communication. Also the related work provides many anomaly detection algorithms

and a famous survey. Most visualization on these algorithms are naive (k
�U��ù��{Ò´ù�,

'XÏLªg��ã5�ä´ÄkÉ~). XJ·�U3�{·^��¹erù
naive��Àz���Ð

�
, ½örù
��þ�anomaly detection �{=�L5¦^, �N´^´f.

�e5��m, ·AT����
¯�, l·�úþ���: 2éé~��^uýÿ��I, 9é

A��{Ø��#�©Ù; iZÉ~uÿ, iZ�6k=
©a, z«©ae�uÿAéÅ�´N��.

�
;�LudP, ��¦�UÂ8�'�{, g�Ù´Ä�±<L5$^('Xþ¡J��social bots

detection��{UØU^5&¢O�a.�bot detection? Ï�k��social bot challenge�'m, zcÑ

k). 3��Ò´¯K�[zÚ¢�. �°��ÕþJø
�� Ë­.�êâ8, �¡·��<5&¢Ú

Á�.


